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S.NO. Years Name of Party Seats won GO\flg:rr:‘rggnts
1 2002 JKN 28
2 2002 JKPDP 16
3 2002 INC 20 INC+ JKPDP
4 2002 BJP 01
5 2002 Other 22
6 2008 JKN 28
7 2008 JKPDP 21
8 2008 INC 17 INC+ JKN
9 2008 BJP 11
10 2008 Other 10
11 2014 JKN 15
12 2014 JKPDP 28
13 2014 INC 12 JKPDP+BJP
14 2014 BJP 25
15 2014 Other 07
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Filter_Method Embedded Method Wrapper_Method MEAN

PARTY_ABBREVIATIONS 0.72 0.50 050 057
INCUMBENT PARTY 0.23 077 088 063
PARTY WAVE 098 0.83 100 094

VOTE BANK 0.00 0.75 062 046

SENSTIVE AREA 1.00 0.00 025 042
RELIGON FOLLOWERS 099 0.84 012 065
CASTE FACTOR 0.39 084 038 054
CT_GOVT_INFLUENCE 0.69 1.00 075 0.81
HEREDITARY 0.36 0.86 000 041
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Feature Mean Ranking
1 PARTY WAVE 0.94
2 CT_GOVT_INFLUENCE 0.81
3 RELIGON FOLLOWERS 0.65
4 INCUMBENT PARTY 0.63
5 PARTY_ABBREVIATIONS 0.57
6 CASTE FACTOR 0.54
7 VOTE BANK 0.46
8 SENSTIVE AREA 0.42
9 HEREDITARY 0.41
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Confusion Matrix of K-Mearest Neighbour on Test DataSet
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AUROC Curve For K-Nearest Neighbors
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AUROC Curve For Support Vector Machine
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Performance Measures of The Model
AUROC F1 Classifiers | Recall | Precision Miss-
Models Classification
Score Score Accuracy Score Score
Score
Deﬁ'g;}o” 0.9134% | 0.9090% | 0.9130% | 0.9212% | 0.8972% 0.0869%
nggrde(;?] 0.9521% | 0.9494% | 0.9525% | 0.9447% | 0.9543% 0.0474%
K-
Nearest
; 0.8581% | 0.8504% | 0.8584% | 0.8525% | 0.8483% 0.1415%
Neighbor
S
Support
Vector | 0.7986% | 0.7535% | 0.8086% | 0.6197% | 0.9610% 0.1913%
Machine
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Combined ROC curve
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x" = argmin f(x) (6.1)
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Max depth Min samples Min samples Random Accuracy
leaf split state
10 55 30 42 76%
10 55 30 42 82%
10 130 200 42 80%
5 20 42 42 64%
10 20 42 42 73%
8 5 15 42 78%
9 55 90 42 81%
9 30 183 42 82%
9 30 183 42 73%
6 55 30 42 74%
7 55 30 42 75%
7 30 50 42 77%
8 30 50 42 78%
8 30 150 42 77%
8 90 150 42 79%
8 70 150 42 78%
8 70 110 42 78%
8 10 150 42 77%
8 10 180 42 76%
9 10 183 42 82%
10 20 70 42 82%
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Confusion Matrix of Decision tree on Test DataSet
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Leafsize | N neighbours | weights Metric Random State | Accuracy
30 11 uniform Minkowski 42 81%
50 13 uniform Minkowski 42 81%
30 13 uniform Minkowski 42 80%
20 13 uniform Minkowski 42 81%
20 13 uniform Euclidean 42 81%
20 19 uniform None 42 80%
20 15 uniform Euclidean 42 80%
20 19 None Minkowski 42 80%
25 17 uniform Minkowski 42 79%
20 19 uniform None 42 80%
20 19 uniform Euclidean 42 80%
25 17 uniform Euclidean 42 79%
20 19 None Minkowski 42 80%
10 11 uniform Minkowski 42 81%
15 11 uniform Minkowski 42 81%
40 11 uniform Minkowski 42 81%
50 11 uniform Euclidean 42 81%
25 11 uniform Euclidean 42 81%
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25 15 uniform Euclidean 42 80%
25 15 uniform Minkowski 42 80%
20 19 uniform Minkowski 42 80%
30 19 uniform None 42 80%
25 11 Uniform Minkowski 42 81%
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nu Gamma kernel Probability Accuracy
0.1 0.1 rbf True 81%
0.6 0.01 rbf True 78%
0.2 0.01 rbf True 83%
0.8 0.01 rbf True 76%
0.6 0.01 rbf True 78%
0.7 0.01 rbf True 76%
0.7 0.001 rbf True 78%
0.5 0.0001 rbf True 83%
0.6 0.0001 rbf True 81%
0.7 0.0001 rbf True 79%
0.8 0.0001 rbf True 78%
0.9 0.0001 rbf True 77%
0.9 0.001 rbf True 75%
0.8 0.001 rbf True 77%
0.7 0.001 rbf True 78%
0.6 0.001 rbf True 79%
0.5 0.001 rbf True 83%
0.5 0.0001 rbf True 83%
0.6 0.1 rbf True 78%
0.7 0.1 rbf True 76%
0.8 0.1 rbf True 76%
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AUROC Curve For Support Vector Machine Model
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Boot- Max Min Min N estimators Random Accura
strap depth samples samples state cy
leaf split

True 200 10 150 1000 42 85%
True 500 10 150 1000 42 85%
True 100 10 150 1000 42 85%
True 100 5 150 1000 42 85%
True 100 20 150 1000 42 84%
True 100 20 170 1000 42 83%
True 100 20 170 100 42 83%
False 100 20 270 100 42 83%
False 100 40 270 100 42 83%
False 100 50 270 100 42 82%
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True 100 50 150 1000 42 83%
True 100 50 130 1000 42 84%
True 100 50 110 1000 42 85%
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AUROC Curve For Random Forests Model
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Performance Measures of The Models
Models
AUROC | Fi1Score | Classifier Recall Precisio Miss-
Score Accuracy Score Score Classification
Score
Decision Tree | 5 831005 | 0.8289% | 0.8284% | 0.8810% | 0.7827% |  0.1715%
Random Forest | (857804 | 0.8494% | 0.8584% | 0.8458% | 0.8530% 0.1415%
K-Nearest
Neighbors 0.8180% | 0.8129% | 0.8166% | 0.8442% | 0.7838% 0.1833%
Support Vector
Machine 0.8345% | 0.8240% | 0.8355% | 0.8157% | 0.8324% 0.1644%
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AUROC Curve For Ensemble Model
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Decision Tree
0.8312% | 0.8289% | 0.8284% | 0.8810% | 0.7827% 0.1715%

Random
Forest 0.8578% | 0.8494% | 0.8584% | 0.8458% | 0.8530% 0.1415%

K -Nearest
0.8180% | 0.8129% | 0.8166% | 0.8442% | 0.7838% 0.1833%

Neighbors

Support
Vector 0.8345% | 0.8240% | 0.8355% | 0.8157% | 0.8324% 0.1644%

Machine

Ensemble
0.8978% | 0.8906% | 0.8996% | 0.8659% | 0.9166% 0.1003%
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S.No Comparison of models with p value
ensemble model
1 Decision tree 0.006
2 Random Forest 0.001
3 K-Nearest Neighbors 0.009

204



4 Support Vector Machine 0.014
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Jammu & Kashmir Election Prediction Model
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[he winning percentage of Jammu and Kashmir National Corference in
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